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Basic thoughts (" motivation”)

positive integers : 1,2, 3,... = negative integers: ..., —3, -2, —1
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Fractional-order PDEs: applications [1]

e Hydrology (non-Fickian laws)

e Finance (Lévy-flights, non-Markovian models)

e Visco-elasticity
e Rheology

e Electro-physiology of the heart
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Applications [2]
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Fractional Diffusion Models for the Atmosphere
of Mars
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Abstract: The dust aerosols floating in the atmosphere of Mars cause an attenuation of the solar
radiation traversing the atmosphere that cannot be modeled through the use of classical diffusion
processes. However, the definition of a type of fractional diffusion equation offers a more accurate
model for this dynamic and the second order moment of this equation allows one to establish a
connection between the fractional equation and the Angstrom law that models the attenuation of
the solar radiation. In this work we consider both one and three dimensional wavelength-fractional
diffusion equations, and we obtain the analytical solutions and numerical methods using two different
approaches of the fractional derivative.

Paul Andries Zegeling Department of Mathematics, Utrecht University, The Netherlands

Introduction Scientific Computing



Applications [3]

Mathematical Models and Methods in Applied Sciences [}
Vol. 28, No. 9 (2018) 1857-{I880] \\hs
(© The Author(s)

DOI: 10.1142/50218202518400030

Crime modeling with truncated Lévy flights
for residential burglary models
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Applications [4]

I contras, we assume here that both, p(dx,) and é(31) exhibit algebraic ails, i .
pox,)~[ox,| " and #6060 """ for which o* and © are infnire. In this case we

can derive a biffactional diffusion equation for the dynamics of W(x, 1)

W0 = D, A Wx.0) )

In Eq. | the symbols 2 and &%, denote fractional derivatives which are non-local

exponents « and 1. The constant D,

niary information). Eq 1 re

nis the core dynamic:
n solve this cquation a
attime 1,

W0 =L, (1107 @ g
T iyl

where L, is a universal scaling function which represenis the
ess. Eq 2 mplies tht the ypical isance ravelled Figure 1| Dispersal of bank notes and humans on geographical scales. a, Relative logarithmic
1= p/a. Thus, depending on the ratio of spatial and temporal exponents the random walk population, report and initial entry densities ¢, =logp,/(p,). ¢, =logp,/(p,) and
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Applications [5]: the tautochrone curve

& Appiications Places System (S @@ @ 11:56 AM Q)
)

ia, the free encyclopedia - Mozilla Firefox

Fle Edit View History Bookmarks Tools Help

<« - ® @ (W nttp.i/en wikipedia orgiwiki/Tautochrone_curve -] Tautochrone a)
New features @ Log in / create account ||
7
e
cQ Article  Discussion Read Edit View history Q
Yo
G
Tautochrone curve

WIKIPEDIA

The Fres Encyclopedia oM Wikipedia, the free encyclopedia

A tautochrone or isochrone curve (from Greek prefices tauto- meaning same or iso- equal, and chrono time)

Main page is the curve for which the time taken by an object sliding WIthout friction in uniform gravity to its lowest point is
Contents independent of its starting peint. The curve is a cycloid, and the time is equal to i times the square root of the
Featured content radius over the acceleration of gravity.

Current events

Random article Contents (hide1

1 The tautochrone problem
2 Lagrangian solution
» Toolbox 3 "Virtual gravity" solution
4 Abel's solution
5 References
~ Languages 6 Bibliography Four points run over a cycloid from different &7
positions, but they arrive at the bottom at the

» Interaction

} Print/export

Deutsch 7 External links
Frangais same time. The blue arrows show the points®
M acceleration along the curve. On the top is the
s The tautochrone problem [edit]  time-position diagram

olski

Portugués The tautochrone problem, the attempt to identify this curve, was solved by Christiaan Huygens in 1659. He proved

YKpaiHceKka geometrically in his Horologium oscillatorium, originally published in 1673, that the curve was a cycloid.

imes of descent, in which a body arrives at the lowest

*On a cycloid whose axis is erected on the perpendicular and whose vertex is located at the by

point at the vertex after having departed from any point on the cycloid, are equal to each other
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The tautochrone: Abel’'s mechanical problem

Abel, 1823 (integral equation)

1 [ y(s) _ hix “
)/0 ds =h(x), 0<a<l

M« (x —s)l—@
- PR NIy Y. C MRS
o/ Ml—a)dx Jog (x—s) AL
~> see later
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Fourier's definition of a fractional derivative

Fourier (1822):

dp d
27T//R2 ) cos(p(x — 7)) dp dvy

nm
— —)dpd
an 2”//11@ v)p" cos(p(x — ) + 2) pdy, neN

QT
— )+ — eR
pes (x) =5 //2 ~¥)p® cos(p(x — ) 5 ) dp dv, «

Paul Andries Zegeling Department of Mathematics, Utrecht University, The Netherlands

Introduction Scientific Computing



Brownian motions vs Lévy flights [1]
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Brownian motions vs Lévy flights [2]

Fig. 1. lllustration of 3 Levy RW's with different values of the exponent z.
Brownian motion is recovered when o« = 2. The three trajectories have the same
number of steps and are represented with the same scaling.

Taken from Hanert [2012]
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Brownian motions vs Lévy flights [3]
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Reaction-diffusion vs fractional reaction-diffusion

Spreading of the plague, 1345-1351 Lévy flights in modern epidemic spreading
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The Gamma-function I
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The Gamma-function I'(x) [2]

Euler 1730, Legendre 1809 I'(x), Gauss IN(x):

M(x) = /OOO > le7t dt = /01[— In(t)]tdt,x >0

satisfies the functional equation:

[f(x+1)=xf(x), f(1) =1, x> 0|
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The Gamma-function I'(x) [3]

20

-20
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The Gamma-function '(x) [4]

The function I'(x) is not the unique solution of the functional
equation. Other solutions are, e.g.:

cos(2mmx)l(x), me N

H(x) = 11 2 i( In( r((1 X)) Hadamard (1894)

L(x) = ... Luschny (2006)
etcetera...

The Bohr-Mollerup theorem (1922): the Gamma function '(x) is
the unique solution of the functional equation, if we also demand
that f(x) is logarithmically convex.
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Mittag-Leffler function [1]

The Mittag-Leffler function:

7k

Ea = -7 7 . a0 ) R )

(2) ;F(ak+1) aeC, Re(a) >0

A generalization with two parameters:

[e.e] Zk

E = T —— R R :
2 (2) ; ek g “PeC Re(e) >0, Re(8) >0

0

Note that: E;1(z) = €*.
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Mittag-Leffler function [2]

The solution of the fractional differential equation

{ Dfu(t) = —Adu(t), 0<a<l
u(0) = wp

reads
u(t) = up Eq(—\t%)
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Mittag-Leffler function [3]
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A mysterious " contradiction” (?)

_ k! k—n _  T(k+1

y(x) = X:dx"_mx ”—ﬁx ,k>n

1)
d%y _  T(k+1l)  k— >0
> WC}“/ = mx « ,k Z o € R_
@ k

yX)=e = fr = ==Y =
2)

> ko r(;:i:l), a € RZ% [x]; BUT, on the other hand:

kfn _

y(x)=e"=3120 k' = &
k n
> ke Ork 1) 7 dx"‘

=D e 0 i1 (kkn)l
= D k0 RS a+1)7é[*]
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Cauchy-formula for repeated integration

Tf(x) = F(x)
TH(x)= [*_f(s) ds
TH(x) = [, TH(s) ds

Tf(x)=[* T " (s) ds

for f € S(R), i.e. P(x )Z—%O if x = —o0
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Fractional integral of order a > 0

I"f(x) := Mjl)!/_;(xs)”_lf(s) ds|n'=T(n+1)forneN

It can be shown that: J"f =1"f, n € N.

: 1 f(s)
Zo . @ =]
Define for « € R=" : | J%f(x) : (o) / ds

—00 (X _ S)lia

JoJE = JEJY = Jo+B Ya, 8> 0
JO=1T

(" the semi-group property of fractional differ-integral operators”)

Property: {
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Fractional derivative of order o < m

>0 .| Fo ol X f(s)
a € R20 1| J%f(x) == 10 /_Oo =)= ds

Define the " fractional” -derivative:

DU(x) = T f(x)), m>a, feS(R)

dxm
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" Consistency” of the fractional-derivative

Paul Andries Zegeling

T Yf(x) (mlfa) fjoo (X,:)(1S+)a_m ds, m>a, f¢€ .§(R)
= x5 **xf(x), where xT7%(x) := r(ml_a)x’”’ale(x)
Dkf=gm kk(dxm f), m> k
= X7 (G )
- dxk[(dxm X ) % 1]
%[(5* f]
= %f

Department
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Fractional derivatives: Caputo & Riemann-Liouville

The " Caputo”-derivative:

D2 (x) = T (L f(x)), x>0

dxm

and the " Riemann-Liouville-derivative” :

rf(x) = :Tn;(Jomfa(f(x))), x>0

Here: J§f(x) := ﬁ Jo (x =s)*(s) ds, x>0

Note: D¢(constant) = 0 & Dg, (constant) ~ x~“ # 0
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" Consistency” of Caputo-derivative

For f € C™*1([o, L]), VL > O:

Df(x) =

£(m) (s
(m— a) fO (x— s)l(r3 a)dS
= a){ (x— s)a (m (S |§26<+fox%f(m+l)(5)ds}

— Tm—at1) a+1){0+xm af( ) )+f0X(X—S)m_O‘f(m+1)(S)dS}

(take limit: @« € R - m € N)

_ rEll){f(m)(O) + Jo Fm ) (s)ds}
—f m)(o) + f(m)(x) — f(m)(o) = %(X)
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" Caputo” vs "Riemann-Liouville” [1]

(Luchko & Gorenflo, 1999, th.2.3, p.213)

Let f € L}(]0,00)) N C™([0,00)) and m — 1 < o < m for some
m € N. Then:

Al

ruf(x) = Def(x) + Tltk—a)

Xk~ (x> 0)

k=0

Notation: f(K)(0%) = limyjo F9)(x)

Corollary: [if F9)(07) =0, k =0,1,...,m— 1, then D%, = D¢
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'Caputo” vs "

Riemann-Liouville”

Property Riemann-Liouville Caputo
Represention DOf(t) = DM I f(t) CDef(t) = I"*D" f(t)
Interpolation limg—n D f(t) = f™)(t) limg—yn, CDf(t) = f™)(¢)
limg-yn—1 D*£(2) = £V (t) limgyn1 “Df() = £ (t) - £#(0)
Linearity D(Af(t) +9(t) = AD*f(t) + D*g(t) DX (Af(t) + 9() = X ODf(t) + “D*g(t)

Non-commutation

DMDEf(t) = D™ £(8) £ DOD™ f(t)

Cpapmf(t) = CD*Mf(t) £ D™ ODf(t)

Laplace transform

Z{Df(t); 5} = $°F(s) ~ L2 8 (D f(B)]emo

Z{ D[ ()8} = °F(s) — Xy 7 (0)

Leibniz rule

£(t) = ¢ = constant

Paul Andries Zegeling

De(f(t)g(t) = 20 () (D *1 ()™ (1)

Do = gyt~ #0, ¢ = const

D (f(Hg(t) = 1% o(") D" )

D% =0, c=const

nent of Mathem

94 (t)
- Yhoo oty (e P ()

he Netherlands
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Griinwald-Letnikov-definition [1]

F1(x) — limp o FCH=10)
limp, 0 w_“m’u%o flxthp)—f(x)

F'(x) = limpy 0 CR— "

Take h = hy = hy = £(x) = limj_,g FOF2N=2FCEh)+1()

By induction:

FN(x) = lim — S (-m ( ”m > f(x —mh), neN
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Griinwald-Letnikov-definition [2]

£ (x) = lim 1,;(—1)'" < :’n ) f(x — mh), ne N

Note: < nm ) = m!(r?im)!’ replace "!"-terms by "I -values

[o]
Define: | D¢, f(x) = lim — Z(—

h—0 ho

Ma+1)

F(x — mh
(e —m+1) &~ M)

Podlubny, 1999:

f e CHR20) := {f € C™1([0,00)) & f(x) = 0 for x < 0}
= D¢, f(x) = D, f(x) = Dgf(x) = Df(x)
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The fractional Laplacian

For 0 < a < 2, in one dimension:

AV e 2G4 D) [ ) — ulx+)
CAR =Sy S e

Theorem (« # 1):

_ 0%u(x) 1

_(_A)%U(X) — 8’X’O‘ = _2COS(%) [D?eftu(x) + D%ightu(x)]
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The left space-fractional heat equation: «-variation

wu_DU ,dyo, xedmal gt
ot
u(x,e)= Uy(x) 2

<o
«=2 (heat equation) v \ 5;5\‘5
>0 t=o
1K C2  (feactional) %
. E=o
d=4 (transport equation) t>o %—2:\
é 2\ ':-:g
0 <& ¢4 C(gractional) 2 !;~;\
+
! q
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A uniform discretization for D}

Forl<a<?2:
D ulx
- r(2 a) Jo' (Xi_//s()sa),l ds
~ F(3 @) Z J+1 = xj?—a}”ffjﬂ—h;;;ﬁu,-,j,l
= G- > g (- 4 1) ) (Ui =2 by
= rmagie Dy P = U= 127 Huijen = 205+ uij1}

Paul Andries Zegelin;
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Left-fractional heat equation

%u(x, t) = D qu(x, t) a =125 15, 1.75
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Right-fractional heat equation

%u(x, t) = Diignet(X, t) a =125 15, 1.75
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Space-fractional heat equation

D u(x,t) = —(~A)2 u(x, t) =125 15, 1.75, 1.99
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Left-fractional heat equation: lim,_,1; curvature monitor

Tt 04
I
R
I
02 \““\ 02
|
M
N
L
ML
00 00
0.0 02 04 06 08 10
X
d 020
£
| o
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Left-fractional Fisher PDE

%u(x, t) =0 D pu(x,t) +v u(x, t)(1 — u(x, t)) a=15

0.88

0.66

0.44

0.00

0.0 02 04 06 08 1.0
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Right-fractional Fisher PDE

D u(x, t) = 8 Digpeu(x,t) +7 u(x, )(1— u(x,t))  a=15

08
06
04|~

02

0.0

time
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Space-fractional Fisher PDE

%u(x, t) = —0 (=A)2u(x, t) + v u(x, t)(1 — u(x, t)) a=15

04

02
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Thecase a =1

[Hul(x) = u(x) R % p.v. /00 ;(_)/i/ dy

X

and

p.v. » f(x) dx = I|m [/6 dx—l—/: f(x) dx]

lused in signal processing

Paul Andries Zegeling
Introduction Scientific Computing
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The case a =1 2]

€1 1
= p.v./ dx—Ilm[/ dx+/ —dx]—O
_ e—0

Properties of H.:

T H2=-T, H=F'=1, H =25
o 9
T Hoo = o-oM,  H(fg)=rH(g)
T (f,"Hf) 2wy = 0, 1l 2wy = IFFlle®) = [HFll2r)
T H(cos(x)) = sin(x), H(sinc)(x) = ltsiné(g),

2
T etcetera....
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